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01.

Introduction to
Deep Learning

CURRICULUM

02.

Maths for Linear

Regression /
M 3|7 24

Life Changing Education

1. Introduction to the Course

2. Forward/Backward Propagation

3. Python Review

1. Jacobian Matrices
2. Jacobians for Element-wise Binary Operators

3. Vector Chain Rule
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03.

Single-variate Linear
Regression without
Bias Term (SVLR) /
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04.

Single-variate Linear
Regression (SVLR) /
ChS MY 3|7

Life Changing Education
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. Introduction to Linear Regression

. SVLR without Bias Term for One Sample: Theory

. SVLR without Bias Term for One Sample: Implementation
. SVLR without Bias Term for Mini-batch: Theory

. SVLR without Bias Term for Mini-batch: Implementation

. Batch, Stochastic, Mini-batch Gradient Descent: Theory

. Batch, Stochastic, Mini-batch Gradient Descent: Implementation

. Introduction to Single-variate Linear Regression
. SVLR for One Sample: Theory

. SVLR for One Sample: Implementation

. SVLR for Mini-batch: Theory

. SVLR for Mini-batch: Implementation

. Feature Scaling 1

. SVLR: Analysis
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Multi-variate Linear
Regression (MVLR) /
CiH M 3|7
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06.

Polynomial
Regression /
CHEHAL 317 24

Life Changing Education
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. Introduction to Multivariate Linear Regression

. MVLR for One Sample: Theory

. MVLR for One Sample: Implementation
. MVLR for Mini-batch: Theory

. MVLR for Mini-batch: Implementation
. Feature Scaling 2

. MVLR Analysis

. Introduction to Polynomial Regression
. Polynomial Regression: Theory
. Polynomial Regression: Implementation

. Overfitting and Regularization
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Introduction to
Logistic Regression
22| A€ 3|7 24
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08.

Maths for Logistic
Regression /
Z2|AE 3| &4
A5t

A

Life Changing Education

1. Introduction to Logistic Regression

2. Activation Functions

3. Binary Classification with Logistic Regression

1. Forward/Backward Propagation of Activation Functions
2. KL Divergence and Cross Entropy
3. Binary Cross Entropy Loss and Its Backpropagation

4. Optimization of Logistic Regression
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09.

Single-variate
Logistic Regression
(SVLOR) / A
22| AE| 37| 24
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10.

Multi-variate
Logistic Regression
(MVLoR) / CitH
22| AE| 37| B4

Life Changing Education
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. Introduction to SVLoR

. SVLoR for One Sample: Theory

. SVLoR for One Sample: Implementation
. Comparison for Activation Functions

. SVLoR for Mini-batch: Theory

. SVLoR for Mini-batch: Implementation

. Binary Classification with SVLoR

. SVLoR Analysis

. Introduction to MVLoR

. MVLoR for One Sample: Theory

. MVLoR for One Sample: Implementation
. MVLoR for Mini-batch: Theory

. MVLoR for Mini-batch: Implementation

. Binary Classification with MVLoR

. MVLoR Analysis

» Fast campus



CURRICULUM

11.

Artificial Neurons /
AT MZY

Life Changing Education

1. Introduction to Artificial Neurons

2. Input/Ouput of Artificial Neurons

3. XOR Problem

4. Multi-layer Perceptron

5. Complex Functions with Artificial Neurons

6. MNIST Classifier with Artificial Neurons
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